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m R is c-competitive, if o > 0:V/ e I:
E[cost(l,RY (1))] < c - cost(l,Opt(])) + .

input
We use automata as an algorithm
=(x. X |
m We use automata as an
algorithm. A
m [S| = o(n); output
m |S] = n%M, A(l)= | y |

m J. Boyar, S. Irani, and K. Larsen, 2009;
m Y. Giannakopoulos and E. Koutsoupias, 2015;
m J. Boyar, K. Larsen, and A. Maiti, 2015.
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Quantum Bit

Quantum bit R |1)

m State: al0) + b|1); , a|0)+b|1)
m a b are complex numbers; a2+ /|

b> = 1; \10)
® unitary transition: U is 2 X 2 a |~

unitary matrix;

® measurement: Pr{|0)} = |a|?;

Pr{I1)} = |bI*.
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Thank you for your attention!

Thank you for your attention!
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